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[ Which nudge works best?g

{It depends. }

[ On Wh(]t?;

ﬁThe behavior, context, people.. }

[ How about for our project?%

%We don't know...run an experiment?!}

Dellavigna & Linos, 2022




“We don't know... |

Generalizability

We don't know which features matter

(i Bryan et al, 2021, Hallwsorth 2022; Simons et al.,, 2017; Szaszi et al, 2018;
Vivalt 2020; Yarkoni 2020)

Transparency

We don’t document all features

(Christensen, Freese & Miguel, 2019; Hoekstra & Vazire 2021; Nature Human
Behavior Editorial Team, 2020; Munafo et al,, 2017)

Commensurability

We don't speak the same language

(Almaatouq et al, 2022; Mischel 2008; Scheel 2022; Watts 2017)




Commensurability

What's the domain of a study ? (N=155)
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Preliminary results (N=155 RCTs)
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We use papers to not only share but store knowledge.
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Szaszi et al, 2018 (nudges) Systematic reviews
Hummel & Maedche, 2019 (nudges)

Mertens et al, 2022 (nudges)

Dellavigna & Linos, 2022 (nudges) Meta—ondlyses Bqulng a
database
Athey et al, 2022 (giving) of .
Brody et al, 2022 (vaccines) Heterogeneity qnquses cumulative

Zhao et al, 2022 (lab nudges) evidence

Altmedj et al, 2019 (lab studies)

Vivalt 2020 (development) B\V/[=l{ode]l(=Te [eiile]gNo]alo] VA1
Dai et al,, working paper (COVID)
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Explore: Find promising “empty” regions

Translate: Unify existing theories

Explain: Build new theories

Predict: Answer% Which nudge works best? ]




Translate:
A computational approach to commensurability

56 nudge concepts
6 frameworks
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Choice Architecture

Harnessing the Science
of Persuasion
shared

shared + onlyA + onlyB

Influencing behaviour:

sim(nudge A, nudge B) =

The mindspace way

A Review and Taxonomy of
Choice Architecture Techniques

Shannon White
(PhD, Grad)

Cdependent ) o5 © :
Calibrate Nudge O (o

conceptA \ O ®
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Refer to descriptive norm (Munscher et al,, 2016)
Social proof (Cialdini, 2001)

Social cues (Dellavigna & Linos, 2022)

Norms (Dolan et al.,, 2012)

Set no action default (Munscher et al., 2016)
Set the default (Beshears & Gino, 2016)
Defaults (Dolan et al,, 2012)

Defaults (Thaler et al, 2014)




Munscher Make externalinformation.visible
Beshears Arouse.emotions
Beshears Inspire.broader.thinking

Munscher Referto.descriptive.norm
Cialdini Social. proof
Dellavigna Social.cues

Dolan Marms

Beshears Create. opportunmes for.reflection
Dolan Salience
Dellavigna Personal. motivation
Thaler Understand.mappings..From.choice to.welfare

Beshears Harness biases
Dolan Incentives j—_|7
Thaler Incentives
Cialdini Unity
Dolan Ego j]’

Beshears Increase.accountability

Thaler Expect.error
Dellavigna Reminders.and.planning.prompts
Munscher Provide.reminders

Eeshears Use.reminders
Dellavigna Framing.and.formatting
Munscher Reframe
Munscher Support.self commitment

Cialdini Consistency
Munscher Set.no.action.default —|

Munscher Refer to descriptive norm
Cialdini Social proof

Dellavigna Social.cues

Dolan Norms

Beshears Setthe.defaull —

Dolan Defaults_—J

Thaler Defaults. Padding the path.of least resistance —
Dellavigna Simplification.and.information
Munscher Increase.decrease.physical effort
Beshears Simplify the.process
Munscher Refer.to.opinion.leader
Dolan Messenger
Cialdini Authority
MunscherIncrease.decrease. ﬂnanmal effart
Munscher Make.own.behavioryisible. feedback.
Thaler Give feedback
Munscher Connect.decision.to.benefit.cost
Cialdini Scarcity j—
Munscher Change.categories...groupings.of.options
Dellavigna Chaoice.design
Munscher Use.prompted.choice
Munscher Support.public.cammitment
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Beshears Use.planning.prompts —

Beshears Build.in.automatic. adjustments
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Defaults

Dellavigna Simplification. and.information —

Munscher Increase decrease.physical effont —

— ~ Reduce any effort

Beshears Simplify the process —

Simplify # Simplify
—_~
Munscher Simplify

Thaler Structure.complex.choices —

~ Reduce cognitive effort
(w/o reducing options)

Preliminary results (N=74 RCTs w/56 concepts)



Explore: Find promising “empty” regions

Translate: Unify existing theories

Explain: Build new theories

Predict: Answer% Which nudge works best? ]




Predict:%Which nudge works best?}

Random Forest | 80% Train, 20% Test | looped over 100 seeds
(Altmedij et al,, 2019)

Train
Random Forest
repeat with a new (ntree=1000)
> Predicting effect size
random seed
(s=100)
*
\
\
\
\\ Test



Predict:%Which nudge works best?}

reproducible

auditable
improvable
Correlate
positively
with effect
Nudge : Feedback (Munscher et al, 2016) size
Domain : Registration & Compliance (pellavigna & Linos, 2022)
Nudge : Make it social (siT)
Design : Randomized sample size
Behavior : Self-reported
Design: Analyzed sample size
Nudge : Make it easy (BIT)
Behavior : # of days over which it is measured Correlate
negatively
Nudge : Simplify (Munscher et al, 2016) with effect
. . . size
Behavior : Repeated behavior (vs one-time)
0 10 20 30 40

Permutation importance
(If we shuffle this variable, how much worse would predictions get?)

Preliminary results, two models, 100 set seeds



A long to-do list

1. Add RCTs, refine dimensions, tune model specifications
2. Migrate more dimensions to our LLM-human “v2" process
3. Integrate homogenous subsets of RCTs (corporate partners)

4. Continue our pipeline for integrative evidence (map - RCT 2 map)




Which nudge works best? }

How can we “know what we know” as a field if we cannot
computationally combine different sources of evidence?

Prediction requires truly cumulative science.

We may be asking too much of our scientific papers -
sharing vs. storing knowledge 'EoonnnoCe
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