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Research Question: Do people generalize positive information more than negative information?

- |- Absftract \ Study 2: Likelihood & Acceptability Study 3: Inference Target
eople generalize positive information more than negative

information. Despite past evidence of a negativity bias!, we find * N =998 in 2 (positive vs. negative) x 2 (generalization type) design * Hypothesis: Positive inferences may be stronger for
’ individuals than populations because of person-

ositivity effects when transferring information between
P 4 Y positivity bias. Result: Null effect.

members of the same category. People make stronger positive
inferences (Study 1), are more likely to make positive
Inferences, and find it more acceptable to make positive
iInferences (Study 2). This positivity effect is robust across
different targets and generalizations (Study 3).

Study 1: Inference Strength

« N =627 (Study 1A) and N = 413 (Study 1B)

* In four scenarios, participants answered two DVs for each scenario:

1. Likelihood: How likely is the generalization to be true, relative to

the average? * N=1278 in 2 (positive vs. negative) x 2 (individual

vs. population target) design
2. Acceptability: How acceptable is it to assume the generalization,

relative to the average? * Methods and scenarios mirrored Study 1A but

randomized whether participants generalized about a
broad population (“other restaurants™) or a specific
individual ("The Melting Pot”).

» Generalization types were randomized to be either upward
(individual to a population) or downward (population to an individual)

Individual-to-population generalization: Given information

All hypothesis tests were OLS regressions comparing inference strength by valence.
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