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Where do mental
accounts come from?




Mental Accounts are
based on
Categorization
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Mental Representation

Informational structures in the mind
which represent reality




Building block for

cognitive processes

A complete theory of mental
accounts requires a theory of
the underlying representations










Predict
structure of
taxonomic
categories

(Jones & Mewhort, 2007; Laham, 1990)
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(Bhatia, 2017)



(Bhatia & Stewart, 2018)
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I pet the dog I drive the van
I pet the cat I drive the car
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Similarity
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Vector =

Space
Models

(Jones & Mewhort, 2007; Bhatia, 2017)



Literature Review

Mental Accounting is based on categorization

Vector space semantic models predict both category structures and higher-
level judgments

Vector space semantic models should predict mental budgeting
phenomena









GloVe vectors (Pennington, Socher,
Manning, 2014)

300-dimensional vector for each word
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Used cosine
similarity to predict
purchase decisions,
typicality ratings,
and semantic
clustering

Only presenting 4
of 7 studies
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Predict how expenses are budgeted

Predict why exceptional expenses are
grouped into more categories than
ordinary expenses

Predict when people flexibly categorize
expenses

Predict creation of topical mental
account better than participant ratings of
similarity.

Vector

Space
Models




Predict how expenses are budgeted

Predict why exceptional expenses are
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ordinary expenses

Predict when people flexibly categorize
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Predict how expenses are budgeted

Predict why exceptional expenses are
grouped into mote categories than
ordinary expenses

Predict when people flexibly categorize
expenses

Predict creation of topical mental
account better than participant ratings of
similarity.
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Ordinary versus Exceptional Expenses

" {ADER JORg |
o Pl

Wiite Zinfandel

Sussman & Alter, 2012



Ordinary versus Exceptional Expenses

Sussman & Alter, 2012
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Predict how expenses are budgeted

Predict why exceptional expenses are
grouped into more categories than
ordinary expenses

Predict when people flexibly
categorize expenses

Predict creation of topical mental
account better than participant ratings of
similarity.
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Entertainment

Resbaurards you love, delivened.
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Entertainment

Resbaurards you love, delivened.

57



Entertainment

Food
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Entertainment
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Entertainment

Food
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Predict how expenses are budgeted

Predict why exceptional expenses are
grouped into more categories than
ordinary expenses

Predict when people flexibly categorize
expenses

Predict creation of topical mental
account better than participant
ratings of similarity

Vector -

Space
Models
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Willing to drive?
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(Bonini & Rumiati 2002)
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Vector
Space
Models
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Predict how expenses are budgeted

Predict why exceptional expenses are
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ordinary expenses

Predict when people flexibly categorize
expenses

Predict creation of topical mental
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Vector =

Space
Models

(Jones & Mewhort, 2007; Bhatia, 2017)
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